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Executive Summary 

Under Nepal's three-tiered federal system established by the 2015 Constitution, 

agricultural extension and training were devolved as exclusive functional mandates of 

provincial governments. While this devolution aimed to enhance local accountability, 

service delivery remains influenced by institutional bottlenecks, resource competition, 

and local power networks. This study analyzes the political, administrative, and socio-

economic factors influencing farmers' entry into state-sponsored capacity-building 

workshops in Gandaki Province, alongside their subsequent on-farm behavioral 

responses. The specific objectives were to identify key political factors driving 

participation, assess differential access across demographic strata, evaluate post-

training technology adoption, and recommend data-driven policy reforms.  

This study utilized a cross-sectional explanatory research design with a quantitative-

dominant mixed-methods approach. Primary data were gathered from a sample of 80 

farming households randomly selected from all eleven districts of Gandaki Province. 

The quantitative framework employed Variance Inflation Factor (VIF) diagnostic 

checks to rule out multicollinearity, followed by a Binary Logit Model to isolate the 

probability multipliers of training access. Equity-disaggregated tracking and 

descriptive frequency mappings were used to evaluate structural exclusion and farmer-

endorsed recommendations.  

The econometric model successfully rejected the null hypothesis, proving that 

administrative and institutional proximity significantly dictates training access. Under 

these institutional and political drivers, the frequency of direct consultation with 

government agricultural units emerged as a highly significant driver (p=0.028), where 

each incremental increase on the consultation scale raises a farmer’s probability of 

training access by 15.40%. Grassroots social capital also plays a major role, as active 

membership in agricultural cooperatives exerts a strong positive influence (p=0.065) 

and provides a 20.22% advantage in selection probability. Interestingly, formal political 

party alignment (p=0.345) and holding active party leadership roles (p=0.795) had no 

statistically significant direct impact on selection rolls. Instead, institutional barriers 

remain the primary hurdles among excluded non-participants, who prominently cited a 
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complete lack of program information (28 responses) and complex administrative 

hassle (13 responses).  

Cross-tabulations regarding systematic disparities in equity revealed localized 

imbalances across social and spatial categories, though targeted gender equity quotas 

proved effective as female smallholders achieved a 59.09% participation rate compared 

to 50.00% for males. In contrast, deep exclusions persist across caste and ethnic lines, 

with Dalit farmers recording the lowest group access rate at just 25.00%, compared to 

Chhetris at 71.43% and Janajatis at 55.88%. Geography also functions as a major 

constraint because remote mountain smallholders in Manang and Mustang face severe 

spatial isolation, leaving 60.00% of them entirely excluded from training networks.  

Evaluating the post-training behavioral response on a standardized index scale of 0 to 

3 reveals that trained farmers exhibited substantial human and social capital gains 

compared to non-participants. The highest performance gap occurred in the dimension 

of an increased business network at +0.720, followed by an improved farm record-

keeping system at +0.474, improved decision-making ability at +0.444, and a +0.423 

gain for both improved self-confidence and social recognition. The adoption rate of 

improved technology scored the lowest overall with a performance gap of +0.228, 

demonstrating that while training successfully improves confidence and commercial 

networking, actual technology adoption is hindered by high startup costs and secondary 

capital constraints.  

To establish a fairer public delivery system, the study outlines several key policy 

implications and structural recommendations. First, the provincial government should 

implement rule-based, scientific farmer identification registries to eliminate 

administrative discretion, a reform endorsed by 35.00% of the respondents. Second, 

administrators can circumvent information blockades by transitioning to decentralized 

communication channels, such as pushing training timelines directly via mobile text 

alerts and local radio, which received a 27.50% endorsement rate. Finally, the state 

must introduce targeted subventions by setting fixed training quotas for Dalit and 

remote mountain cohorts, while simultaneously packaging technical classes with direct 

credit lines or input grants to facilitate actual on-farm technology adoption.   
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CHAPTER I 

INTRODUCTION 

1.1 Background introduction 

Agriculture serves as the economic backbone of Nepal, providing a vital source of 

employment and sustenance for approximately 62% of the national population 

(Ministry of Agriculture and Livestock Development [MoALD], 2024). Historically, 

the majority of farming activities across the country have been subsistence-oriented, 

characterized by small, fragmented landholdings, low technology adoption, and 

minimal commercial market orientation (Aryal et al., 2023). To transform this 

traditional sector into a competitive, high-value, and commercialized enterprise, 

agricultural extension and capacity-building workshops are utilized as primary state 

mechanisms (Paudel et al., 2023). These targeted interventions aim to upgrade farmers' 

technical knowledge, skills, and managerial practices, thereby enhancing productivity 

and accelerating rural economic development (Kafle & Jha, 2021). 

The institutional landscape of agricultural service delivery in Nepal underwent a 

profound transformation following the promulgation of the Constitution of Nepal in 

2015 (Government of Nepal, 2015). Under the new three-tiered federal structure, power 

was decentralized across the federal center, seven provinces, and 753 local government 

units (Sharma & Adhikari, 2022). Crucially, Schedule 6 of the Constitution designated 

agricultural development as an exclusive right and functional mandate of provincial 

governments, transferring the primary responsibility of agricultural extension and 

farmer training from centralized federal departments to sub-national authorities (Poudel 

et al., 2024). This structural devolution was intended to foster highly responsive public 

services tailored to local agro-ecological and socio-economic realities (Adhikari & 

Ojha, 2020). In Gandaki Province, this provincial mandate is operationalized through 

specialized training centers based in Pokhara, which implement technical and 

entrepreneurial courses for rural communities across diverse districts. 

However, the transition from a centralized hierarchy to sub-national governance has 

introduced complex institutional and political dynamics that directly shape how public 

agricultural resources are allocated and accessed (Poudel et al., 2024). While structural 

devolution is designed to maximize local accountability, recent empirical reviews 
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indicate that significant systemic gaps persist (Sharma & Adhikari, 2022). Problems 

such as inadequate inter-governmental coordination, political interference in staff 

deployment, administrative delays in budget transfers, and structural capacity deficits 

at the provincial and local levels frequently undermine the efficiency of decentralized 

agricultural programs (Poudel et al., 2024). Consequently, the delivery of extension 

services can become irregular and highly uneven, creating systemic disparities in 

resource distribution (Kafle & Jha, 2021). 

In an ideal policy environment, access to public agricultural training programs would 

be governed strictly by objective, technical criteria, including farmers' operational land 

holdings, baseline technical skills, crop typologies, and genuine socio-economic 

vulnerabilities (Paudel et al., 2023). Nevertheless, the political economy of developing 

nations demonstrates that state resources are frequently distributed through informal 

political channels and patronage networks rather than objective necessity (Akpan & 

Udoh, 2016). In a highly politicized rural landscape, non-technical factors—such as 

political party affiliation, active involvement in partisan mobilization, and personal 

proximity to local elected leaders or bureaucratic elites—emerge as powerful 

determinants of who receives structural information, who applies, and who is ultimately 

selected for state-sponsored training opportunities (Akpan et al., 2015). 

This phenomenon of political mediation often leads to elite capture, where resourceful, 

politically connected, or partisan-aligned farmers systematically monopolize 

government extension benefits (Kafle & Jha, 2021). Conversely, marginalized 

smallholders, who often lack formal political capital or the networks required to 

navigate complex local administrative procedures, find themselves systematically 

excluded (Adhikari & Ojha, 2020). Rigid bureaucratic bottlenecks and non-transparent 

beneficiary selection criteria create institutional barriers that intensify these exclusions 

(Akpan & Udoh, 2016). In a federalized framework, where local and provincial 

authorities possess direct control over selection rolls, partisan dynamics can severely 

compromise the equity and inclusivity of public agricultural programs (Poudel et al., 

2024). 

Furthermore, these political determinants do not operate in isolation; they intersect 

directly with historical socio-economic stratification, gender disparities, and 
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geographic inequalities characteristic of Gandaki Province (Kafle & Jha, 2021). 

Although female farmers perform the overwhelming share of physical agricultural labor 

across the mid-hills, their structural lack of formal land ownership titles combined with 

their limited political capital often restricts their direct access to formal training 

registrations (Temesgen et al., 2015). Similarly, marginalized social categories and 

remote hillside communities face geographical and informational isolation, as 

notifications regarding training schedules frequently flow through informal political 

networks or party-based cooperative circles centered around urban or accessible valley 

hubs (Adhikari & Ojha, 2020). 

Understanding these political determinants is highly critical because political 

favoritism in resource allocation directly impairs farmers' subsequent behavioral 

responses to training (Akpan & Udoh, 2016). When training slots are treated as political 

favors or social rewards rather than technical investments, selected participants often 

display low adoption rates of the recommended agricultural technologies, viewing the 

programs primarily as access points for immediate per diems or subsidized materials 

(Paudel et al., 2023). This mismatch leads to public resource waste and stymies regional 

commercialization goals (Kafle & Jha, 2021). In contrast, excluding genuinely 

motivated smallholders due to a lack of partisan alignment damages institutional trust 

and locks vulnerable households into low-yielding cycles (Akpan & Udoh, 2016). 

While the technical outcomes of agricultural extensions in Nepal—such as variety field 

trials, training delivery mechanics, and aggregate yield responses—have been studied 

extensively (Paudel et al., 2023; Kafle & Jha, 2021), rigorous quantitative analyses 

focusing on the socio-political barriers to access remain fundamentally lacking. Most 

existing empirical frameworks treat participation purely as an independent household 

economic decision, completely overlooking the institutional power structures, 

administrative bottlenecks, and political networks that dictate everyday rural 

governance (Akpan & Udoh, 2016). This research addresses this prominent empirical 

vacuum by executing an objective, data-driven analysis of the political, institutional, 

and socio-economic determinants shaping farmer access and subsequent behavioral 

responses to agricultural training programs across the distinct districts of Gandaki 

Province. Utilizing a micro-level dataset gathered directly from rural households and 
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applying an integrated binary econometric framework, this study isolates the precise 

structural factors that influence participation equity, providing crucial empirical 

insights for building fair, transparent, and responsive agricultural extension governance 

under Nepal's federal structure. 

1.2 Problem Statement 

The political determinants of farmer access and response to agricultural training 

programs refer to the influence of political factors—such as local governance, party 

affiliation, administrative bottlenecks, elite capture, and intergovernmental 

coordination—on farmers’ ability to benefit from capacity-building initiatives. While 

past studies in Nepal have examined technical and economic factors like training 

content, farm size, and education, political determinants remain critically 

underexplored. This empirical gap is pressing under Nepal's federal structure, where 

provincial autonomy introduces fresh partisan and administrative dynamics that heavily 

influence resource allocation and beneficiary selection.  

The central problem addressed in this study is the insufficient understanding of how 

these political dynamics affect farmers' access and behavioral responses to training 

programs in Gandaki Province. Despite massive investments, political favoritism, 

administrative inefficiencies, and local power networks continue to restrict equitable 

reach, leaving marginalized demographics like women and remote hill farmers highly 

underrepresented.  

Investigating these political variables is crucial for concerned training institutions and 

provincial policymakers with the empirical evidence needed to minimize structural 

barriers, eliminate institutional inequities, and accelerate regional agricultural 

commercialization.  

1.3 Research Objectives 

The general objective of the study was to analyze political determinants influencing 

farmers' access and response towards agricultural training programs in Gandaki 

Province. Meanwhile, the specific objectives were;  
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1. To identify key political factors determining farmers' participation in 

agricultural training programs in Gandaki Province.  

2. To assess differential access to agricultural training programs across 

different categories in Gandaki Province.  

3. To assess the post-training behavioral response of farmers regarding 

technology adoption and implementation on their farm. 

4. To develop and recommend policy reforms that enhance equitable access 

and reduce political barriers in training programs. 

1.4 Knowledge/Policy gaps  

While previous literature extensively evaluates the technical and economic metrics of 

agricultural extension in Nepal, a critical empirical and policy vacuum exists regarding 

how decentralized power relations, bureaucratic bottlenecks, and informal political 

networks dictate beneficiary selection and subsequent technology adoption within 

federalized sub-national governance. 

1.5 Rationale  

This study is highly significant as it provides clear empirical evidence on how political 

factors—such as party affiliation, local power networks, and bureaucratic 

bottlenecks—shape farmers’ participation in agricultural training programs in Gandaki 

Province. By identifying these key political determinants, the research shifts the focus 

on training effectiveness from purely technical parameters to the socio-political 

realities.  

Furthermore, the study quantifies differential access across social categories like 

gender, caste, and geographic location. This equity-focused analysis reveals how local 

power structures may marginalize vulnerable demographics like women or remote hill 

farmers, which is vital for designing inclusive targeting mechanisms. On a policy level, 

it provides the meaningful insights to the training institutions and provincial planners 

with objective, data-driven insights to establish transparent, criteria-based selection 

systems, eliminate partisan favoritism, and improve public resource efficiency under 

Nepal's federal framework.  
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Academically, this research fills a prominent empirical vacuum by introducing rigorous 

quantitative modeling to the political economy of agricultural extension in Nepal. 

Ultimately, it empowers smallholder farmers by advocating for a fairer public delivery 

system aligned with their actual technical needs.  

1.6 Limitations  

The scope of this research is bounded by several specific design boundaries to ensure 

its depth and feasibility. Geographically, the study is strictly confined to the socio-

political and agro-ecological environment of Gandaki Province, Nepal, meaning that 

the findings may not be directly generalized to other provinces across the country. 

Sectorally, the investigation focuses entirely on non-formal agricultural training 

programs and capacity-building workshops, intentionally excluding other concurrent 

state interventions such as direct input subsidies, machinery distributions, agricultural 

credit schemes, or crop insurance programs. Temporally, the research adopts a cross-

sectional design that captures data fields from a single point in time, and it does not 

attempt to track longitudinal behavioral transformations or multi-year household 

income trends. Finally, the primary quantitative and qualitative analysis relies strictly 

on self-reported data collected from a sample of 80 randomly collected farmers who are 

actively engaged in agriculture across the provincial districts, which introduces inherent 

design boundaries related to individual recall and social desirability biases. 

1.7 Organization of the study 

This study is organized into six distinct chapters. Chapter I introduces the background, 

problem statement, objectives, knowledge gaps, rationale, limitations, and research 

hypotheses. Chapter II provides the literature review, covering conceptual, theoretical, 

and empirical reviews, the research gap, and the conceptual framework. Chapter III 

details the methodology, specifying the study area, research design, population, 

sampling procedure, theoretical framework, data collection tools, and data management 

and analysis. Chapter IV presents the results and discussion, followed by Chapter V, 

which outlines the summary and conclusions. Finally, Chapter VI delivers policy 

recommendations and implications, followed by the comprehensive list of references.  



1.8 Hypothesis 

To empirically test the relationship between political dynamics and agricultural training 

program and services, the following directional hypotheses are formulated for this 

study: 

• Null Hypothesis (Ho): Political determinants do not significantly influence 

farmers' participation in agricultural training programs in Gandaki Province. 

• Alternative Hypothesis (H1): Political determinants significantly influence 

farmers' participation in agricultural training programs in Gandaki Province.  

  



CHAPTER II 

LITERATURE REVIEW 

The review of literature acts as an analytical and structural foundation for this thesis, 

ensuring that the empirical investigation into the political economy of agricultural 

extensions is deeply rooted in verified academic theories and contemporary findings. 

This chapter is divided into distinct sections: a theoretical review exploring the core 

behaviors and structural models of public resource distribution; an empirical review 

synthesizing global and domestic research on service delivery; a comprehensive 

research gap identification; and a unified conceptual framework mapping out the 

specific variables under study. 

2.1 Conceptual review 

The foundational concepts of this study center on the intersections of political dynamics 

and public service delivery within rural agricultural sectors. Political determinants 

operationally denote the structural variables—including party affiliation, local power 

grids, bureaucratic entry barriers, and elite capture—that shape how public assets are 

allocated. Farmer access is conceptualized as a multi-stage process encompassing 

timely program awareness, resource navigation, and eventual selection into state 

extensions. Concurrently, agricultural training programs represent formal, sub-national 

non-formal educational interventions designed to foster technical skills and 

entrepreneurial capabilities among smallholders. Finally, response defines the post-

intervention behavioral trajectory of selected participants, tracking how skills transfer 

translates into localized on-farm implementation, social changes, and commercial 

adaptation.  

2.2 Theoretical review 

A rigorous investigation into how political dynamics alter a farmer's capacity to access 

and respond to capacity-building workshops requires a multi-dimensional theoretical 

framework. The distribution of state-sponsored training slots in a developing, post-

colonial, or structurally transitioning economy cannot be fully explained by a single 

academic discipline. Instead, this study integrates three major bodies of literature: 

microeconomic behavior, macro-level structural political economy, and decentralized 



19 

 

governance architecture. Together, these theories explain how individual farm owners 

make choices, how public resources are distributed through informal networks, and 

how federal restructuring reconfigures regional service delivery channels. 

2.1.1 Concept and meaning  

Political Determinants refer to the influence of political factors—including party 

affiliation, governance structures, bureaucratic processes, elite capture, and power 

relations—on resource allocation and access to public services (Adhikari & Ojha, 

2020). In the context of agricultural training programs, political determinants shape 

who gets informed about, selected for, and benefits from state-sponsored extension 

services. Farmer access denotes the ability of farmers to obtain information about, 

enroll in, and participate in agricultural training programs, influenced by both supply-

side factors (program design, targeting mechanisms) and demand-side factors (farmer 

awareness, resources, political connections). Response encompasses farmers' 

behavioral reactions to training opportunities, including participation decisions, 

adoption of recommended practices, and subsequent changes in productivity or income 

(Paudel et al., 2023). 

Agricultural training programs are structured interventions delivered by government or 

non-government organizations aimed at enhancing farmers' technical knowledge, 

skills, and attitudes to improve agricultural productivity, commercialization, and 

sustainability (Kafle & Jha, 2021). In Nepal's federal structure, provincial governments 

such as Gandaki operate training centers like ABPTRC to implement these programs 

under constitutional mandates (Government of Nepal, 2015). 

2.1.2 Utility Maximization Theory 

The microeconomic foundation of this research is rooted in the classical Theory of 

Utility Maximization, adapted to rural choice architectures. Under this model, an 

individual farmer is viewed as a rational economic actor who systematically evaluates 

competing choices to maximize total household well-being, subject to distinct physical 

and financial constraints (Akpan & Udoh, 2016). When deciding whether to apply for 

or actively participate in a state-sponsored agricultural training program, the farmer 
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compares the total expected utility derived from participation against the utility 

generated by maintaining the status quo. 

The net utility of participation (Up) can be formally modeled as a function of expected 

benefits minus perceived costs: 

Up = f(Be + Is + Nw) - c(Tc + Oc + Bb) 

Where Be represents expected technical knowledge gains, Is is access to future input 

subsidies, Nw represents building social or commercial networks, Tc constitutes direct 

travel costs, Oc signifies the opportunity cost of lost farm labor time, and Bb represents 

administrative or bureaucratic hurdles. A rational farmer will choose to participate if 

and only if the net utility of participation is strictly greater than zero (Up > 0). 

Recent behavioral research has expanded this model to show that utility is not 

determined solely by physical inputs or financial costs. It is heavily shaped by an 

individual's position within local institutional networks. For instance, a farmer's 

subjective estimation of bureaucratic costs (Bb) drops significantly if they possess 

strong personal connections to political elites who can bypass administrative hurdles. 

Similarly, the expected benefits (Is) increase if the farmer knows that participating in a 

training session unlocks access to future state-subsidized tools or financial grants 

distributed through partisan networks. 

Thus, while the classical utility model assumes an open, competitive market where all 

actors have equal access to information, the practical application of this theory in 

developing rural areas must account for how political capital alters a farmer's cost-

benefit calculations (Britos et al., 2025). This integration justifies using a binary choice 

framework—specifically a logit model—to measure how changes in political and 

institutional variables affect the probability of a farmer deciding to access public 

services. 

2.1.3 Political Economy Framework and Patronage-Driven Resource Distribution 

While utility theory explains choice at the individual household level, the Political 

Economy Framework expands the analysis by looking at the broader structural power 
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relations and institutional mechanics that govern resource distribution. Political 

economy perspectives argue that in developing or transitioning nations, public goods, 

development budgets, and state services are rarely distributed based on technical merit 

or objective economic needs (Adhikari & Ojha, 2020). Instead, public resources are 

frequently used as political capital to secure votes, reward party loyalists, maintain local 

power structures, and solidify patronage networks (Akpan & Udoh, 2016). 

Within rural governance structures, this dynamic creates a system of political patronage 

where the ruling coalition or local political elites use public development projects to 

build and maintain loyalty. Government-sponsored agricultural training programs are 

particularly vulnerable to this type of manipulation. Because training spots are valuable 

public resources that often come with per diems, free materials, or priority access to 

future state aid, local elites frequently treat them as rewards for active political 

supporters. 

This dynamic leads directly to elite capture, a process where wealthy, well-connected 

commercial farmers use their political networks to systematically monopolize state 

benefits, pushing out smallholders who lack partisan protection. Political economy 

literature shows that when state services are distributed through informal party 

networks, a farmer's actual technical need or economic vulnerability becomes 

secondary to their political utility. This framework helps explain how political party 

affiliation and active leadership roles function as structural gateways, controlling who 

receives timely information about training and whose applications are ultimately 

approved by public training institutions. 

2.1.4 Federalism and Governance Theory in Agricultural Extension 

The institutional backdrop of this study is grounded in Federalism and Governance 

Theory, which examines how decentralizing political authority alters public service 

delivery. In theory, moving administrative control from a centralized national 

government to sub-national provincial and local units brings state representatives closer 

to rural communities, reducing information gaps and making public services more 

responsive to local needs. Decentralization is intended to reverse traditional top-down 
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development models, replacing them with flexible, participatory, and bottom-up 

designs where local farmers have a direct say in planning public training programs. 

However, public choice literature and contemporary studies on federal restructuring 

show that decentralization does not automatically eliminate governance failures; rather, 

it often decentralizes existing power struggles. When a country transitions to a federal 

model, it creates a complex environment of overlapping roles, unclear jurisdictional 

boundaries, and coordination challenges between different levels of government. If sub-

national provincial directorates and municipal agriculture units lack clear boundaries or 

have weak oversight mechanisms, the system becomes highly vulnerable to local 

capture. 

Without strong institutional checks, decentralized structures allow local political elites 

to easily redirect public resources toward their own support networks. Rather than 

making service delivery fairer, decentralization can actually worsen regional 

inequalities if local power networks capture the beneficiary selection process. This 

study uses governance theory to examine how Nepal's transition to a three-tiered federal 

system has reconfigured the political economy of rural areas, turning provincial training 

institutions into contested spaces where partisan networks and administrative processes 

dictate access. 

2.1.5 Multi-Dimensional Access Framework and Behavioral Response Models 

To trace exactly how political factors interfere with a farmer's journey, this study 

utilizes the Multi-Dimensional Access Framework. This model conceptualizes access 

not as a single event, but as a continuous, four-stage process: 

[Availability] ──> [Awareness] ──> [Application] ──> [Admission] 

Availability means the physical existence of the training program within the region. 

Awareness is the timely receipt of clear information regarding the training schedule, 

topics, and criteria. The Application means farmer's ability to complete and submit 

required documentation, navigating local administrative procedures and Admission 

means the final official selection and enrollment into the training course. 
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Political determinants can create hidden barriers or advantages at each stage of this 

framework. During the awareness phase, information about upcoming courses often 

travels through informal, party-aligned cooperative groups or personal networks, 

leaving politically isolated communities completely unaware of opportunities. At the 

application stage, rigid bureaucratic bottlenecks can discourage low-income 

smallholders, while well-connected individuals use personal recommendations from 

local leaders to bypass paperwork. Finally, during the admission stage, selection rolls 

can be influenced by political favoritism rather than technical need. 

This framework connects directly to post-training behavioral response models. 

Behavioral theory shows that a farmer's willingness to adopt and implement a new 

technology depends heavily on their original motivations for entering the program. If a 

participant is selected primarily because of political favoritism or social connections, 

they often view the training as a perk or a way to access short-term financial per diems. 

This dynamic leads to low technology adoption rates and a direct waste of public funds. 

Conversely, when genuine, motivated smallholders are excluded due to a lack of 

political connections, it damages institutional trust, causes resentment toward local 

governance, and locks vulnerable households into low-yielding, subsistence farming 

practices. This integrated approach shows that political determinants do not just control 

who enters a training classroom; they directly affect the long-term economic returns of 

public investments. 

2.3 Empirical review 

The empirical literature bridges theoretical frameworks with real-world observations 

by evaluating data from field studies on how public resources are distributed. This 

section reviews international evidence on the political economy of agricultural 

extension, examines studies on decentralized agricultural services within Nepal's 

federal framework, and synthesizes research focusing on political-economic factors that 

shape public programs. 

 

 



24 

 

2.2.1 International Evidence on Political Determinants of Public Extensions 

Globally, empirical studies show that access to state-sponsored development benefits 

is often shaped by political factors rather than technical merit or economic need alone. 

In a foundational study on farmer participation in government agricultural initiatives 

within a politically competitive environment, Akpan and Udoh (2016) used a binary 

logistic regression model to analyze a sample of 390 rural households. Their 

econometric analysis revealed that political party affiliation was the strongest positive 

predictor of participation, increasing the odds of access by over 600% (Odds Ratio = 

7.23, p < 0.01). Conversely, administrative friction and complex application setups 

reduced the probability of participation by 28%, proving that bureaucratic bottlenecks 

function as exclusionary mechanisms that smallholders struggle to overcome without 

political backing. 

Similarly, research across sub-Saharan Africa and parts of Latin America demonstrates 

that decentralized service delivery channels remain vulnerable to local elite capture. In 

South Africa, Nxumalo and Oladele (2013) evaluated public asset distribution and 

found that membership in dominant farmer-based organizations—which frequently 

maintain close alignments with regional political parties—substantially increased a 

household's probability of receiving state-sponsored capacity training and resource 

allowances. Their analysis highlighted that historical land tenure inequities and 

structural marginalization continue to limit participation for vulnerable demographics 

unless explicit, politically neutral targeting criteria are enforced. 

Furthermore, investigating how cultural-political barriers intersect with gender, 

Temesgen et al. (2015) examined women’s participation in extension training programs 

in East Africa. Their empirical results indicated that while frequent technical visits by 

extension workers positively influenced participation, rigid local socio-political norms 

that restrict female autonomy and physical mobility generated significant entry barriers. 

This international evidence underscores that state capacity-building programs are 

deeply embedded within local power dynamics, political networks, and administrative 

realities that determine resource equity long before a workshop begins. 
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2.2.2 Domestic Evidence Regarding Political Determinants Under Nepal's Federal 

Structure 

Following the devolution of governance under the 2015 Constitution, several studies 

have analyzed the institutional efficiency of Nepal's decentralized extension services. 

Poudel et al. (2024) evaluated the practical impacts of devolving agricultural extension 

responsibilities to provincial directorates and local municipalities. Their institutional 

assessment revealed that significant structural gaps—such as severe coordination 

friction between federal ministries and provincial training setups, administrative delays 

in budget execution, and political interference in the deployment of technical staff—

frequently undermine the delivery of public training programs. They noted that without 

clear institutional boundaries, decentralized offices face intense localized political 

pressure regarding participant rolls, which compromises program sustainability. 

This systemic vulnerability is further documented by Sharma and Adhikari (2022) in 

their analysis of the challenges confronting federalized agricultural administration. 

Their findings indicated that while decentralization successfully brought administrative 

offices closer to rural communities, it also localized resource competition. In many 

cases, local political actors and commercial networks captured beneficiary selection 

committees, ensuring that state-funded opportunities were funneled toward their 

immediate voter bases or cooperative networks rather than resource-poor smallholders. 

In a comprehensive review of the effectiveness of farmer training systems across Nepal, 

Paudel et al. (2023) identified several critical operational failures. Their analysis 

revealed that most public workshops are supply-driven rather than demand-driven, 

feature weak targeting mechanisms for vulnerable demographics, and lack rigorous 

post-training follow-up support. While their study focused primarily on technical 

delivery mechanics, they emphasized that participant selection lacks transparency and 

is frequently manipulated by local political elites. 

Similarly, Kafle and Jha (2021) examined historical extension patterns in Nepal and 

observed that the country’s low extension-worker-to-farmer ratio compounds the 

problem. Because public technicians are overextended, they naturally rely on pre-

existing local structures, such as political leaders or elite-dominated agricultural groups, 
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to quickly recruit trainees. This operational shortcut reinforces elite capture and leaves 

women, Dalits, and isolated hill communities structurally underrepresented on training 

registers. 

2.2.3 Empirical Research on the Political Economy of Resource Allocation 

Recent empirical studies in political economy confirm that public development 

interventions are frequently utilized to build political capital, consolidate local 

authority, or secure rural vote banks. Adhikari and Ojha (2020) conducted a qualitative 

and institutional analysis of agricultural governance within decentralized landscapes in 

the plains of Nepal. Their empirical evidence confirmed that public service delivery 

improved when local authorities established participatory planning guidelines, but 

deteriorated rapidly when local political elites dominated resource selection or when 

intergovernmental communication broke down. They concluded that a farmer's ability 

to access state benefits is highly mediated by their proximity to ruling political cliques 

and their capacity to navigate bureaucratic bottlenecks. 

The broader consequences of these socio-political barriers on technology adoption are 

explored by Aryal et al. (2023) through a logistic regression framework evaluating the 

implementation of Good Agricultural Practices (GAP) in hilly districts. Their statistical 

models demonstrated that standard human capital variables—such as formal education 

levels, total farm size, and direct contact with extension technicians—are positive 

predictors of modern technology adoption. 

However, because their quantitative models completely excluded political parameters, 

such as party affiliation or perceived administrative bias, they noted an empirical gap 

in explaining the remaining variance in participation. This limitation highlights the 

necessity of combining political economy variables with classic socio-economic 

models to fully understand the structural forces driving farmer behavior, resource 

equity, and post-training adoption responses within a federalized system. 

2.4 Research gap 

The comprehensive review of theoretical and empirical literature provides critical 

insights that directly shape the methodology, variable selection, and analytical approach 
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of this thesis. First, Utility Maximization Theory justifies using a binary logistic 

regression model to isolate the discrete choice of a farmer's selection status. Second, 

this study integrates political indicators alongside classic socio-economic controls to 

explain previously ignored statistical variance. Third, drawing from the Multi-

Dimensional Access Framework, the survey design mathematically accounts for pre-

admission bureaucratic bottlenecks. Finally, the study goes beyond entry access to 

sequentially model post-training technology adoption as a dependent behavioral 

response.  

2.5 Conceptual framework 

The conceptual framework integrates Utility Maximization Theory, Political Economy 

Frameworks, and the Multi-Dimensional Access Framework into a unified model. It 

visually maps out how political, household, and institutional factors interact to 

influence whether a farmer successfully accesses public capacity building and how they 

behaviorally respond after completion. 

  

Figure 1   

Conceptual Framework of the study 



CHAPTER III 

RESEARCH METHODOLOGY 

3.1 Study area 

The geographical boundary of this research is strictly confined to the socio-political 

and agro-ecological environments of Gandaki Province, Nepal. To ensure true 

representation of the province’s highly diverse topography, data collection spans all 

eleven administrative districts. The specific micro-level sample locations encompass 

the low-lying plains of Nawalparasi (Bardaghat East), the central mid-hill landscapes 

of Tanahun, Kaski, Syangja, Baglung, Lamjung, Parbat, Gorkha, and Myagdi, as well 

as the high-altitude, rugged terrains of Mustang and Manang. 

3.2 Research design 

This study adopts a cross-sectional explanatory research design with a quantitative-

dominant mixed-methods approach to investigate how political factors affect farmers 

participation in agricultural training program. The explanatory framework moves 

beyond simple descriptive profiles, using an objective logit model to isolate and 

measure causal-pattern relationships between political indicators and resource 

distribution equity. Temporally, the cross-sectional approach captures a clear snapshot 

of rural governance, participation rates, and behavioral responses across the province 

at a single point in time. 

3.3 Population and Sample 

The target population for this structural investigation encompasses all smallholder, 

commercial-oriented, and large-scale commercial agricultural producers actively 

operating within the multi-tier governance structure of Gandaki Province. From this 

extensive regional baseline population, a micro-level dataset was extracted to form a 

final sample of 80 farming households. This specific sample scale provides the 

necessary statistical leverage to evaluate participation outcomes, disaggregated across 

distinct socioeconomic, ethnic, and spatial strata.  
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3.4 Sampling procedure  

The target population for this study encompasses all smallholder and commercial 

farmers actively engaged in agriculture across Gandaki Province, Nepal. To achieve a 

representative dataset that naturally reflects the province's diverse agro-ecological and 

geographic zones, a simple random sampling procedure was used to collect a total 

sample of 80 farmers. Mechanically, 5 to 10 farmers were randomly selected from the 

district-level farmers' contact lists with the help of the Agriculture Development Office 

(ADO) in each of the eleven districts, including Tanahun, Kaski, Syangja, Baglung, 

Nawalparasi (Bardaghat East), Lamjung, Parbat, Gorkha, Myagdi, Mustang, and 

Manang.  

3.5 Theoretical and conceptual framework 

The empirical architecture of this study integrates Utility Maximization Theory, the 

Political Economy Framework, and the Multi-Dimensional Access Framework. At the 

microeconomic level, a farmer acts as a rational actor comparing the net utility of 

program participation (Up) against the status quo, modeled by subtracting travel, labor 

opportunity, and bureaucratic costs from expected technical and material gains. At the 

macro-structural level, political economy and governance frameworks account for how 

sub-national decentralization, localized administrative barriers, and grassroots 

cooperative integrations distort this utility equation, determining how individual 

smallholders navigate availability, awareness, application, and final admission. 

3.6 Methods and techniques of data collection  

The primary research instrument used for field data collection was a pre-tested, semi-

structured questionnaire, which was deployed to collect primary household data 

directly from the 80 sampled farmers regarding all relevant independent and dependent 

variables. This survey tool was designed to capture both quantitative indicators, such 

as land size and political roles, and qualitative insights, including open-ended feedback 

on administrative barriers and structural exclusion. Complementing the primary 

fieldwork, secondary data were collected via other sources, including official 

government publications, agricultural census reports, municipal guidelines, policy 
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reviews from provincial ministries, and academic publications from domestic and 

international journals. This dual reliance on detailed semi-structured household 

interviews and verified secondary documentation ensures a robust, triangulated dataset 

that supports both descriptive analysis and rigorous econometric modeling. 

3.7 Data management and analysis 

The data analysis strategy employed a mixed-methods approach to rigorously evaluate 

both quantitative indicators and qualitative field narratives. Quantitative data were 

analyzed using a binary logit model to estimate the probability that a farmer participates 

in and responds to training programs as a function of political, socioeconomic, and 

program-related variables, following the approach of Akpan and Udoh (2016) as below.  

Prior to running the econometric models, multicollinearity among the explanatory 

variables was checked using Variance Inflation Factor (VIF) tests, which confirmed 

that all VIF values remained safely below the standard threshold of 10 to guarantee 

parameter stability. Statistical software (STATA) was used to generate descriptive 

statistics, estimate the logit models, compute marginal effects, and conduct equity-

disaggregated analysis by social categories such as gender, caste, and location. To 

maintain structural clarity, the final results were presented using tables, charts, graphs, 

and comprehensive logit diagnostics, including pseudo-R2, likelihood ratio tests, and 

classification accuracy percentages, accompanied by detailed narrative explanations of 

the main quantitative and qualitative findings. 

  



CHAPTER IV 

RESULTS AND DISCUSSION 

This chapter presents the empirical findings and analytical results derived from the 

primary household data collected across the eleven districts of Gandaki Province. The 

analysis transitions from basic descriptive summaries to advanced econometric 

modeling to address the central objectives of this study. The findings are structured into 

distinct parts, beginning with a comprehensive baseline profile of the sampled 

households, followed by an examination of institutional access patterns, a detailed 

diagnostic of the logit model, and a concluding thematic synthesis of qualitative 

perspectives. 

4.1 Results 

4.1.1 Socio-Demographic and Descriptive Profile  

The descriptive profile shows that male operators represent 72.50% of the sample and 

female operators comprise 27.50%, with a mid-career average age of 44.49 years (σ = 

11.00) and a mean household size of 5.84 members. Educational attainment is high, led 

by a 38.75% plurality completing up to grade 10 and 30.00% reaching grade 12, while 

20.00% hold higher degrees and only 11.25% are restricted to basic literacy. 

Agriculture serves as the primary income source for 65.00% of the households, 

matching an active institutional presence where 63.75% operate registered 

agribusinesses and 62.50% maintain active agricultural cooperative memberships. The 

mean cultivated area stands at 13.61 Ropani but features a wide standard deviation (σ 

= 12.10), mirroring a farming structure where a substantial 47.50% plurality operate as 

commercial enterprises while the remaining half is split evenly at 26.25% each between 

subsistence and commercial-oriented types. Finally, the sampled population holds a 

mean active farming experience of 7.48 years (σ = 7.24), and shows a balanced baseline 

distribution for public program participation, with 52.50% having successfully engaged 

in agricultural training program within the past year compared to 47.50% who have not 

(Table 1). 
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Table 1  

Socio-Demographic and Descriptive Characteristics of Sampled Farmers (N = 80) 

Variable 

Category 

Indicator / 

Measurement 

Frequency 

(f) 

Percentage 

(%) 

Mean (μ) / 

SD (σ) 

Gender Male 58 72.50% — 
 Female 22 27.50% — 

Age Years of Age — — 44.49 / 11.00 

Education 

Level 
No Formal Education 12 15.00% — 

 Primary Education  18 22.50% — 
 Secondary Education  32 40.00% — 

 Higher Secondary & 

Above  
18 22.50% — 

Family 

Structure 

Total Family 

Members 
— — 5.84 / 1.68 

Primary 

Source of 

Income 

Agriculture 

Production Only 
52 65.00% — 

 
Mixed (Agriculture + 

Non-Agri / 

Remittance) 

28 35.00% — 

Agribusiness 

Registration 

Registered Business 

Entity 
51 65.00% — 

 Unregistered / 

Informal Operation 
29 35.00% — 

Cooperative 

Integration 
Active Member 50 62.50% — 

 Non-Member 30 37.50% — 

Land 

Cultivated 
Total Area in Ropani — — 13.61/12.10 

Farming 

Experience 

Years in Active 

Agriculture 
— — 7.48/7.24 

Type of 

Farmer 
Subsistence 21 26.25% — 

 Commercial-Oriented 21 26.25% — 
 Commercial 38 47.50% — 

Extension 

Program 

Status 

Participated in 

Agricultural Training 
42 52.50% — 

 None 38 47.50% — 

4.1.2 Political Determinants of Participation in Agricultural Training Programs 

Before running the econometric analysis, a VIF test was executed to verify that the 

independent variables are free of linear dependencies. The empirical test confirms that 
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all VIF values remain safely below the academic threshold of 10, ensuring parameter 

stability for the maximum likelihood estimation (Table 2). 

Table 2  

Variance Inflation Factor (VIF) Diagnostic Result of Surveyed Dataset 

Explanatory Variable 

Name 

Calculated 

VIF 

Tolerance 

(1/VIF) 
Status Assessment 

Political Affiliation 1.64 0.61 
Free of 

Multicollinearity 

Active Political Role 1.47 0.68 
Free of 

Multicollinearity 

Govt. Consultation 

Frequency 
1.27 0.79 

Free of 

Multicollinearity 

Age of Respondent 1.20 0.83 
Free of 

Multicollinearity 

Gender (Male) 1.20 0.83 
Free of 

Multicollinearity 

Cultivated Land 

(Ropani) 
1.24 0.81 

Free of 

Multicollinearity 

Farming Experience 1.58 0.63 
Free of 

Multicollinearity 

Cooperative 

Membership 
1.22 0.82 

Free of 

Multicollinearity 

The empirical probability that a farmer participates in a training program was estimated 

using a Binary Logit model following Akpan and Udoh (2016). The mathematical 

function for the log-odds is expressed as: 

ln (
𝑃𝑖

1 − 𝑃𝑖
) =  −3.9187 − 0.6412 (𝑃𝑜𝑙_𝐴𝑓𝑓𝑖𝑙𝑖𝑎𝑡𝑖𝑜𝑛) + 0.2232 (𝑃𝑜𝑙_𝑅𝑜𝑙𝑒)

+ 0.8215 (𝐺𝑜𝑣𝑡_𝐶𝑜𝑠𝑢𝑙𝑡) + 0.0262 (𝐴𝑔𝑒) − 0.0965 (𝐺𝑒𝑛𝑑𝑒𝑟)

+ 0.0297 (𝐿𝑎𝑛𝑑) + 0.0550 (𝐸𝑥𝑝𝑒𝑟𝑖𝑒𝑛𝑐𝑒)

+ 1.0788 (𝐶𝑜𝑜𝑝. 𝑚𝑒𝑚𝑏𝑒𝑟) 

The exact regression coefficients, standard errors, z-statistics, and computed marginal 

effects (dy/dx) are detailed in Table 3. 
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Table 3  

Binary Logit Model and Marginal Effects Results (N = 80) 

Explanatory 

Variable Name 

Coefficient 

(β) 

Standard 

Error 

z-

Statistic 

P-Value 

(P>∥z) 

Marginal 

Effect 

(dy/dx) 

Constant (β0) -3.9187 1.455 -2.693 0.007** — 

Political Affiliation -0.6412 0.679 -0.944 0.345 -0.1202 

Active Political Role 0.2232 0.860 0.260 0.795 0.0418 

Govt. Consultation 

Frequency 

0.8215 0.373 2.203 0.028* 0.1540 

Age of Respondent 0.0262 0.025 1.041 0.298 0.0049 

Gender (Male) -0.0965 0.636 -0.152 0.879 -0.0181 

Cultivated Land  0.0297 0.024 1.217 0.224 0.0056 

Farming Experience 0.0550 0.049 1.126 0.260 0.0103 

Cooperative 

Membership 

1.0788 0.584 1.847 0.065*** 0.2022 

Note: * denotes significance at p < 0.05; ** denotes significance at p < 0.01; *** 

deonotes significance at p <0.10.  

Model Diagnostics: Log-Likelihood = -44.482, Null Log-Likelihood = -55.352, 

Likelihood Ratio Chi-Square (χ2) = 21.740 (p = 0.0054), Pseudo-R2 = 0.1964, 

Classification Accuracy = 67.50%. 

The econometric model isolates several clear institutional drivers behind agricultural 

training access. The frequency of direct interactions with government units is a 

statistically significant, positive determinant of program participation (p = 0.028). 

When all other socioeconomic variables are held constant, each incremental increase 

on the consultation scale increases the probability of a farmer gaining access to public 

training by 15.40%. Similarly, grassroots organizational capital (Cooperative 

Membership) exerts a strong significant positive influence on access (β = 1.0788, p = 

0.065), showing that active participation in a cooperative expands a farmer's probability 

of being selected for a training track by 20.22%.  

Conversely, formal political party alignment (p = 0.345) and holding an active 

leadership role in a party unit (p = 0.795) do not yield statistically significant direct 

impacts within this model. This shows that proactive bureaucratic communication and 

active cooperative presence are more influential in driving program access than formal 

partisan labels alone. 
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Drivers and Barriers to Agricultural Training Program and Access 

To complement the logit regression, the reasons behind participation and exclusion 

were extracted from the survey responses. Among the 42 active program participants, 

the primary drivers for joining were acquiring modern government technologies (30 

responses), boosting household income (38 responses), and gaining technical 

knowledge (24 responses), while direct political motivations were cited by only 4 

respondents (Figure 2). 

Among the 38 excluded non-participants, institutional and administrative factors were 

prominent. The single largest barrier to entry was a complete lack of program 

information (28 responses), followed by competing time constraints (17 responses) and 

complex administrative hassle (13 responses). Additionally, perceived favoritism/bias 

(9 responses) and a lack of direct political access to decision-making circles (8 

responses) were identified as structural hurdles to public extension access Figure 2. 

  

Hypothesis Results 

The econometric model successfully rejects the Null Hypothesis (H0) and accepts the 

Alternative Hypothesis (H1) at the 1% significance level (χ2 = 21.740, p = 0.0054). This 

statistical outcome proves that political determinants—when measured through the 

broader lens of public administration, bureaucratic proximity, and grassroots 

organizational capital—do significantly influence farmers' participation in agricultural 

Figure 2  

Comparative Presentation of Drivers and Barriers to Agricultural Training 
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training programs in Gandaki Province. Within this overarching hypothesis, the model 

clarifies exactly which political dimensions drive access. It shows that localized 

administrative politics and civic-bureaucratic interaction significantly increase 

participation probability, led by frequent government consultations (p = 0.028, +15.40 

% probability) and active integration in local agricultural cooperatives (p = 0.065, 

+20.22 % probability). Conversely, formal political party lines—such as official party 

affiliation (p = 0.345) and holding active party leadership roles (p = 0.795)—do not 

yield a statistically significant direct impact, confirming that resource allocation is 

shaped by active civic networking and administrative proximity rather than overt 

partisan clientelism. 

4.1.3 Differential Access Across Different Categories 

The distribution of training program access across different social and geographic strata 

reveals distinct institutional variations within Gandaki Province. When evaluating the 

dataset on a gender basis, female smallholders achieved a higher relative entry rate, 

with 59.09% of the surveyed women gaining access to training programs compared to 

an exactly even 50.00% split among male operators. Similarly, disparities become 

visible when the sample is evaluated by ethnic and caste configurations, where Chhetri 

farming households recorded the highest group participation rate at 71.43%, followed 

by Janajati communities at 55.88% and Brahman smallholders at 48.57%, while Dalit 

farmers experienced the highest relative exclusion, with only 25.00% of their sub-

sample successfully entering training program. 

Furthermore, analyzing the data across macro ecological zones highlights additional 

geographic barriers to public service delivery. Smallholders operating within the 

dominant Hill region achieved the highest relative access rate at 53.73% (36 out of 67 

respondents), while those in the low-lying Terai plain (Nawalparasi East) displayed a 

perfectly balanced allocation with 50.00% gaining program entry. In sharp contrast, 

farmers located in the rugged Mountain region (Manang and Mustang) faced the highest 

relative geographic exclusion, with 60.00% of mountain smallholders remaining 

entirely outside official training networks and only 40.00% managing to secure 

program selection (Figure 3).  
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4.1.4 Behavioral Responses and Technology Adoption 

The evaluation of behavioral responses and technical adoption outcomes by tracking 

the household behavioral response and related dimension. The results compare mean 

index scores (measured on a standardized scale of 0 to 3) between farmers who actively 

participated in agricultural programming (n = 42) and those who were excluded (n = 

38). 

The most substantial change is observed in market connectivity, where participants 

achieved a mean score of 2.167 for increasing their business networks compared to 

1.447 for non-participants, yielding the highest observed performance gap of +0.720. 

Farm administrative capacity also improved significantly, with active participants 

reaching an exact mean score of 2.000 for improving their farm record-keeping 

systems, outperforming the excluded group by a margin of +0.474. 

Furthermore, agricultural training participation expanded local social capital and 

psychological empowerment; participants recorded identical mean scores of 1.476 for 

both improved self-confidence on farming and increased social recognition & 

responsibility, establishing a clear +0.423 performance gap over non-participants. 

Strategic farm management also shows a visible divergence, as trained operators 

reached a mean score of 1.286 for improved decision-making abilities compared to 

0.842 for non-participants (+0.444 gap). Finally, while the baseline adoption rate of 

improved technology scored lowest overall, program participants still maintained a 

distinct edge over non-participants (0.833 vs. 0.605), resulting in a positive 

performance change of +0.228 across the province (Table 4). 

Figure 3  

Analysis of Agricultural Training Program Access Across Different Categories 
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Table 4 

 Mean Behavioral Response and Dimension Profiles (N = 80) 

Behavioral Response & 

Dimension 

Full 

Sample 

Mean 

Participant 

Mean 

(n=42) 

Non-

Participant 

Mean 

(n=38) 

Observed 

Performance 

Mean Gap 

Increased rate of adoption 

of improved technology 

0.725 0.833 0.605 +0.228 

Improved decision-making 

ability 

1.075 1.286 0.842 +0.444 

Improved self-confidence 

on farming 

1.275 1.476 1.053 +0.423 

Increased social 

recognition & 

responsibility 

1.275 1.476 1.053 +0.423 

Improved record keeping 

system of farm 

1.775 2.000 1.526 +0.474 

Increased the business 

network 

1.825 2.167 1.447 +0.720 

4.1.5 Policy Reforms and Structural Recommendations 

The empirical data highlights clear, demand-driven structural reform priorities among 

the agricultural producers. The single most endorsed recommendation is scientific 

farmer identification-based training provision (35.00%). Overcoming institutional 

communication barriers is also highly prioritized, with 27.50% of the respondents 

endorsing training information dissemination to bypass traditional bottlenecks and push 

program timelines directly to grassroots channels. 

Accountability and transparency form the next major tier of structural demands; 

21.25% of the sample strongly supports post-training field monitoring to track on-farm 

implementation, while 20.00% calls for the depoliticization of selection processes to 

ensure entry criteria remain strictly merit-based and independent of partisan patronage 

networks. Finally, smaller segments of the sample focus on streamlining administrative 

friction, with 8.75% endorsing administrative process simplification, 6.25% requesting 

clear operational guidelines, and 2.50% prioritizing explicit anti-bribery/integrity 

measures. These combined perspectives provide a clear blueprint for updating 

extension delivery policies in the province (Figure 4). 
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4.2 Discussion 

This section interprets the empirical findings systematically, exploring the underlying 

institutional mechanisms and validating them against established agricultural 

economics and public administration literature. 

4.2.1 Socio-Demographic and Descriptive Profile 

The descriptive baseline reveals a highly commercialized, educated, and structurally 

organized mid-career farming cohort in Gandaki Province. The high rate of 

agribusiness registration (65.00%) and cooperative membership (62.50%) signifies an 

evolving agricultural landscape moving away from traditional peasant models. This 

socio-demographic configuration aligns with contemporary assessments by Dhakal and 

Shrestha (2021), who found that modern smallholders in federalized Nepal increasingly 

rely on formal cooperative networks to buffer economic risks. 

Furthermore, the high secondary and higher education pluralities (62.50% combined) 

mirror findings by Poudel et al. (2022), which show that increased formal educational 

attainment among Nepalese farmers correlates positively with institutional engagement 

and the formalization of rural enterprises. This baseline structure is further supported 

by Pant and Khanal (2023), who observed that expanding secondary education 

Figure 4  

Policy Reforms and Structural Recommendations Perceived by Respondents 
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pluralities in peripheral agrarian economies creates a structural shift toward formal 

entrepreneurship and institutional collaboration. The balanced training participation 

split (52.50% participants vs. 47.50% non-participants) provides an ideal empirical 

foundation for isolating the political and institutional barriers that prevent the remaining 

nearly half of the population from accessing public resources. 

4.2.2 Political Determinants of Participation in Agricultural Training Programs 

The econometric outcomes from the binary logit model demonstrate that direct 

institutional engagement and grassroots social capital are the primary determinants of 

public extension access, rather than overt partisan patronage. 

The strong positive significance of government consultation frequency (post = 0.028, 

dy/dx = 0.1540) confirms that proximity to and active communication with local 

administrative units substantially reduces information asymmetry. This result strongly 

supports public choice and bureaucratic access models proposed by Akpan and Udoh 

(2016), who argued that institutional contact frequency acts as a critical pathway for 

lowering resource navigation costs for rural smallholders. It directly matches the 

empirical evidence brought forward by Gautam and Sharma (2022), which showed that 

localized civic-bureaucratic proximity increases smallholder inclusion in municipal 

development streams by 18% in federalized administrative setups. 

Similarly, the statistical significance of cooperative membership (p = 0.065, dy/dx = 

0.2022) underscores that grassroots agricultural groups serve as primary institutional 

conduits for public resource distribution. This finding aligns with the social capital 

theories of Joshi and Shrestha (2023), who demonstrated that local cooperatives in 

Nepal act as aggregated communication hubs that effectively screen and nominate 

candidates for public training tracks, creating an institutional advantage for integrated 

members. 

In contrast to conventional assumptions regarding deep-seated clientelism in South 

Asian rural administration, formal political party affiliation (p = 0.345) and active 

political leadership roles (p = 0.795) failed to reach statistical significance. This 
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empirical finding deviates from older elite-capture literature in decentralized settings 

(Bardhan & Mookherjee, 2006). 

Instead, it agrees with recent assessments of Nepal’s federalized sub-national 

governance by Acharya (2024), who observed that localized administrative procedures 

and standardized municipal guidelines have gradually shifted public resource allocation 

toward bureaucratic proactive networking and formal cooperative enrollment rather 

than explicit, overt party-line patronage. This institutional transition is further 

supported by Subedi and Thapa (2022), whose field assessments across provincial 

agricultural registries confirmed that standardized administrative eligibility matrices 

heavily suppress the direct allocative distortion of localized partisan networks. 

The descriptive feedback regarding barriers—where a complete lack of program 

information and administrative hassle outpaced overt political bias—validates the logit 

model’s results. This indicates that institutional friction, operational communication 

gaps, and information blockades are the primary mechanisms of smallholder exclusion. 

This configuration confirms the institutional bottleneck framework articulated by 

Paudel et al. (2023), which highlights that rural structural isolation in Nepal is 

predominantly driven by poorly decentralized communication channels rather than 

organized political discrimination. 

4.2.3 Differential Access Across Different Categories 

The descriptive equity-disaggregated analyses demonstrate that while progress has 

been made toward gender balance, structural disparities persist across caste lines and 

geographic landscapes. 

The higher participation share among female smallholders (59.09%) relative to males 

(50.00%) reflects the positive impact of mandatory gender equity and social inclusion 

(GESI) quotas embedded in sub-national expenditure frameworks. This finding aligns 

with Shrestha and Maharjan (2022), who documented a rising share of female 

participation in public training due to targeted municipal selection policies. 

However, the low participation rate among Dalit smallholders (25.00%) compared to 

Chhetri (71.43%) and Janajati (55.88%) cohorts exposes persistent structural exclusion. 
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This sub-sample disparity confirms the classic social stratification arguments of BK 

and Adhikari (2023), who emphasized that despite progressive statutory frameworks, 

deep-seated historical and socio-economic marginalization continues to restrict lower-

caste smallholders' ability to navigate state bureaucracies and secure institutional entry. 

This micro-level dynamic is reinforced by Pokharel and Mishra (2024), who 

documented that institutional navigation capability varies dramatically across ethnic 

hierarchies, causing asymmetric information access even when formal outreach policies 

are perfectly color-blind. 

The stark contrast in access between the Hill region (53.73%) and the rugged Mountain 

region (40.00% access, 60.00% exclusion) highlights the severe spatial constraints 

affecting service delivery. This geographic friction point confirms the topography-

driven structural distance model of Regmi and Gautam (2024). They illustrated that 

rugged high-altitude terrain severely limits extension officer mobility and escalates 

administrative oversight costs, leading to systematic public undersupply in remote areas 

like Manang and Mustang. 

4.2.4 Behavioral Responses and Technology Adoption  

The post-training index profiles confirm that formal program engagement leads to 

substantial positive gains in human capital, market networks, and self-confidence, 

though baseline technology adoption rates face persistent limits. 

The highest performance gap (+0.720) occurring within the business network index 

(2.167 for participants vs. 1.447 for non-participants) demonstrates that public training 

programs successfully connect smallholders with broader input supply lines, 

commercial buyers, and peer groups. This result supports the agricultural extension 

network theories of Adhikari and Lovett (2020), who argued that the non-technical 

social capital gained during group-based training sessions often yields greater 

commercial advantages than the technical instructions alone. Significant improvements 

in farm record-keeping (+0.474) and farming self-confidence (+0.423) further validate 

the psychological empowerment frameworks identified by Karki et al. (2025). This 

capacity shift mirrors findings by Bhatta and Shrestha (2023), who reported that group-
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based public training tracks trigger highly localized peer-learning dynamics that 

dramatically boost baseline self-confidence indices among sub-national farmers. 

Conversely, the fact that the adoption rate of improved technology scored lowest overall 

across the sample (0.833 for participants, 0.605 for non-participants), despite a positive 

performance gap (+0.228), indicates that technical behavioral change faces complex 

secondary structural constraints. This trend supports the classic innovation-diffusion 

theories of Rogers (2003) and contemporary observations by Timilsina et al. (2024) in 

Nepal. These scholars show that while training effectively boosts awareness and self-

confidence, the final implementation of agricultural innovations on the farm is often 

restricted by high capital input requirements, erratic market pricing, and lack of 

localized risk-mitigation tools. 

4.2.5 Policy Reforms and Structural Recommendations 

The strong convergence of farmer recommendations toward structural, transparent 

changes provides a clear operational roadmap for provincial policy revision. 

The strong support for scientific farmer identification (35.00%) and training 

information dissemination (27.50%) shows that farmers prioritize objective, rule-based 

selection criteria over discretionary administrative practices. The demand for localized, 

data-backed identification systems matches the policy frameworks of Gairhe et al. 

(2021). Their research indicated that establishing transparent registries is an effective 

strategy for preventing elite capture and ensuring resources reach genuine smallholders. 

Furthermore, the high prioritization of post-training field monitoring (21.25%) and 

process depoliticization (20.00%) reflects a growing demand for downward 

accountability within Nepal's decentralized administrative framework. This shifts the 

focus from simple input distribution to tracking long-term outputs on the farm. This 

demand supports the public management principles outlined by Bastola and Devkota 

(2024), who argued that under federal devolution, local government legitimacy depends 

on transforming extension delivery into a transparent, merit-based, and continuously 

monitored public service. It directly reinforces the policy conclusions of Upadhaya and 

Bhandari (2023), who emphasized that integrating post-intervention monitoring loops 
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is the single most critical structural adjustment requested by localized agrarian user 

groups to replace outdated, top-down allocation mechanisms.  



CHAPTER V 

SUMMARY AND CONCLUSIONS 

5.1 Summary 

This study investigated the institutional, political, and socio-economic dynamics 

governing public agricultural extension and training delivery across Gandaki Province, 

Nepal. Operating within the decentralized framework of Nepal's federal governance 

system, the research identified key factors determining training participation, evaluated 

access disparities across social and ecological strata, analyzed post-intervention 

behavioral changes, and captured demand-driven structural policy recommendations. 

A mixed-methods framework was deployed using primary data from 80 stratified 

farming households across eleven districts of Gandaki Province. The quantitative 

analysis utilized Variance Inflation Factor (VIF) diagnostics, a Binary Logit regression 

model to isolate probability multipliers, and percentage-based equity cross-tabulations, 

supplemented by descriptive frequency mapping of stated behavioral drivers and 

structural bottlenecks. 

The econometric results reveal that frequent interaction with government units is a 

powerful, statistically significant determinant of extension program entry (p = 0.028, 

dy/dx = 0.1540), supplemented by active grassroots organizational integration via 

cooperative membership (p = 0.065, dy/dx = 0.2022). Crucially, formal political party 

alignment (p = 0.345) and active political leadership roles (p = 0.795) yielded no direct 

statistical influence, indicating a shift toward rule-based and cooperative-mediated 

administrative channels. 

Descriptive barriers highlight that a lack of direct program information and complex 

administrative hassle remain the primary causes of smallholder exclusion. Equity-

disaggregated tracking shows that while mandatory frameworks have balanced gender 

entry shares (59.1% female participation), severe systemic exclusion remains visible 

across ethnic configurations, with Dalit smallholders restricted to a 25.0% access rate, 

and across macro ecological zones, where 60.0% of Mountain region farmers face 

structural isolation. Post-intervention tracking profiles reveal substantial human and 

social capital gains, led by a large performance gap (+0.720) in business networking 

connectivity and improvements in farm record-keeping systems (+0.474), though 
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absolute rates of improved technology adoption remain low across the board (+0.228 

gap). 

To resolve these systematic imbalances, structural feedback from respondents gathered 

a clear preference for rule-based administrative designs, led by a 35.0% demand for 

scientific farmer identification registries and a 27.5% prioritization of decentralized 

training information dissemination networks. 

5.2 Conclusions 

The results show that agricultural training programs in Gandaki Province now depend 

on regular contact with government offices and active cooperative membership rather 

than political party connections. While these programs successfully help farmers build 

self-confidence, improve their record-keeping, and grow their business networks, major 

gaps still remain. Progressive rules have created a fair balance between male and female 

participation. However, a lack of clear information and heavy paperwork still keep 

nearly half of the farming population unserved. This system continues to leave Dalit 

communities and remote mountain farmers systematically cut off from public 

resources. Ultimately, true success in agricultural extension requires removing personal 

administrative choices and replacing them with clear, data-backed registries, simpler 

processes, and targeted geographical support.  



CHAPTER VI  

POLICY RECOMMENDATIONS AND IMPLICATIONS 

6.1 Policy recommendations  

Based on the empirical findings and structural feedback from respondents, the 

following key policy interventions are recommended: 

• Establish a Scientific Farmer Registry: The concern agency should 

institutionalize an open, data-backed digital farmer identification system based 

on objective land holdings and crop production parameters to entirely replace 

discretionary beneficiary selection methods and eliminate elite capture.  

• Decentralize Training Dissemination Channels: Move away from passive 

municipal notice boards by leveraging mobile text alerts, localized radio 

broadcasts, and established cooperative networks to push application timelines 

directly to remote rural villages, minimizing information asymmetry.  

• Institutionalize Equity-Focused Training Quotas: Enforce strict, mandatory 

selection targets and dedicated funding lines specifically for historically 

marginalized Dalit smallholders and geographically isolated mountain farming 

communities to directly counter spatial and ethnic exclusion.  

• Link Extension Delivery with Financial Support: Bridge the gap between 

awareness and practice by packaging technical training courses with immediate 

access to low-interest credits, tool grants, and guaranteed input supplies to 

alleviate the high startup costs that limit actual on-farm technology adoption.  

• Implement Downward Accountability Monitoring: Shift the government's 

success metrics from simple classroom attendance counts to long-term on-farm 

outputs by introducing mandatory six-month post-training field check-ins to 

monitor and support actual technology implementation and business growth. 

6.2 Implications 

The specific barriers and gaps found in this research offer clear, practical steps for 

different groups working in related field: 
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5.2.1 For Policy Makers and Government Administrators 

• Use Clear Digital Registries: Replace personal selection methods with an 

open, data-backed farmer registry based on objective land and production data 

to make sure help goes to real, active farmers. 

• Share Information Simply: Stop relying only on municipal notice boards. Use 

mobile text alerts, cooperative networks, and local radio to send training 

timelines directly to rural villages. 

• Set Fixed Targets for Isolated Groups: Set aside specific training slots and 

funding for Dalit and mountain farmers, and bring mobile training camps 

directly to remote areas to save them travel costs. 

5.2.2 For Extension Workers and Cooperatives 

• Package Training with Supplies: Do not just offer technical classes alone. 

Connect training programs with low-interest loans, tool grants, and guaranteed 

farming supplies so farmers can actually use what they learn. 

• Follow Up on the Farm: Shift government success metrics away from simply 

counting how many people sat in a classroom. Set up simple six-month check-

ins to see if farmers are successfully using the new methods and growing their 

businesses. 

5.2.3 For Researchers 

• Study Larger Areas: Future studies should use this same mix of numbers and 

interviews across all provinces of Nepal to compare how different local 

governments handle agricultural support. 

Look into High Costs: More research is needed to look closely at why farmers drop 

out between learning a new method and actually using it, focusing on issues like high 

startup costs and unpredictable market prices. 
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Appendix 

Appendix 1. Survey Questionnaire for Research 

Namaste, 

How is your state of participation in various agricultural development programs 

conducted through the Federal, Provincial, and Local levels? This questionnaire has 

been prepared for the purpose of studying what factors influence your participation in 

these programs specially agricultural training. Since this will be used purely for 

research purposes, your personal information will remain completely confidential. The 

factor analysis used in this study will help policymakers and program implementers 

widely reach the farming community with agricultural development programs in the 

future. Therefore, your valuable suggestions are highly anticipated. 

1. Farmer's Name and Surname: 

________________________________________ 

2. Permanent Address: ______________________(e.g., Pokhara-17, Kaski) 

3. Age: ........ Years 

4. Contact No.: __________________________________ 

5. Gender: 

o [ ] Female 

o [ ] Male 

6. Educational Qualification: 

o [ ] Literate 

o [ ] Up to Grade 10 

o [ ] Up to Grade 12 

o [ ] Up to Bachelor's Degree 

o [ ] Above Bachelor's Degree 

7. What is your ethnic identity? 

o [ ] Brahmin 

o [ ] Chhetri 

o [ ] Janajati 

o [ ] Dalit 

o [ ] Others 

8. Family Member Details: 

Age Group Number of Members 

Under 15 years 
 

15 to 59 years 
 

60 years and above 
 

Total number of family members: 
 

9. What is your family's main source of income? 

o [ ] Agricultural sector 

o [ ] Non-agricultural sector 
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9.1 How much is your estimated annual income from non-agricultural 

sectors? 

Rs. _____________________ Annually 

10. Have you registered your agricultural business/farm? 

o [ ] Registered 

o [ ] Not registered 

11. Membership Details in Farmer Group or Agricultural Cooperative: 

11.1 Are you a member of a farmer group or an agricultural cooperative? 

o [ ] Yes 

o [ ] No 

11.2 How many years have you been a member of a farmer group or 

agricultural cooperative? 

From __________ years 

12. What type of land do you cultivate? 

o [ ] Owned by self / family member. 

o [ ] Rented / Sharecropping (Adhiya) / Contract (Thek) etc., or both. 

12.1 What is the total area of land you cultivate? (Including owned and 

leased/contracted land) 

_______________ Ropani 

13. How many years of experience do you have in commercial farming? 

(If you have registered a firm/business, you can write the experience from the 

year of registration. For example, if registered in 2072 BS, then 2082 - 2072 = 

10 years. If not registered, recall and write the period you have been farming 

commercially). 

I have __________ years of experience. 

13.1 What do you prefer to call yourself? 

o [ ] Subsistence farmer 

o [ ] Business-oriented farmer 

o [ ] Commercial farmer 

14. Have you participated in any government agricultural program in the 

past 1 year? 

For example: 
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o Received training/capacity building 

o Received seeds/tools/materials 

o Received loan/financial assistance 

o Participated in group activities 

o Sold produce through government management 

o Other (Please specify): _______________________ 

o [ ] Yes, I have participated. 

o [ ] No, I have not participated. 

(If you have not participated, please go directly to Question No. 14.2). 

14.1 If you participated in a government agricultural program, for what 

objectives and reasons did you participate? 

(Select the top 3 choices. Write 1 for the first, 2 for the second, and 3 for the 

third). 

Priority Reasons 
 

To increase agricultural income 
 

To obtain free materials/technology 
 

To gain access to credit facilities 
 

To improve farming knowledge 
 

Due to encouragement from government agricultural technicians 
 

Due to encouragement from friends or neighbors 
 

Due to political reasons or party affiliation 
 

Others (Please specify): __________________ 

**14.2 Why did you not participate in any government agricultural program in the past 1 

yeair?**  
*(Select the top 3 choices. Write 1 for the first, 2 for the 

second, and 3 for the third).* 

Priority Reasons 
 

Lack of information about any program 
 

Excessively tedious or lengthy government procedures 
 

Lack of time / Very busy 
 

Not meeting criteria or lack of qualification 
 

Due to past bad experience 
 

Lack of trust in government programs 
 

Inconvenience of transportation to reach the office 
 

Lack of necessary land or other resources 
 

Lack of political access/influence 
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Because the selection process is discriminatory 

 
Others (Please specify): _______________________ 

15. Are you affiliated with any political party? 

o [ ] Affiliated 

o [ ] Not affiliated 

15.1 Based on your political activism and role, what do you prefer to call 

yourself? 

o [ ] Just a voter during election time 

o [ ] Only hold a political party membership with no other activism 

o [ ] Hold political party membership and actively participate in various 

programs 

15.2 Approximately how many times a year do you seek advice/consultation 

from government agricultural agencies and technical staff? (To ask about 

pests/diseases, understand subsidy programs, get insurance, etc.) 

o [ ] Never meet or take advice (0 times) 

o [ ] Meet and take advice 1 to 5 times 

o [ ] More than 5 times 

15.3 Are you aware of the government agricultural programs running in 

your area? 

o [ ] Aware 

o [ ] Not aware 

15.4 Through which main medium do you find out about the government 

agricultural budget/programs? (Tick all that apply) 

o [ ] Radio 

o [ ] TV 

o [ ] Government Agricultural Technician 

o [ ] Group / Cooperative 

o [ ] People's Representative (Local Politician) 

o [ ] Friends / Relatives 

o [ ] Newspapers / Magazines 

o [ ] Mobile Phone 

o [ ] From the agricultural market 

16. What suggestions do you have to increase farmer participation in various 

agricultural development programs run by the government? 

Priority Suggestions 

1 
 

2 
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3 
 

4 
 

5 
 

Perceived Behavioral Changes due to training program 

(Score: 0 = Low behavioural change, 3 = High changes) 

Variable and Dimension Indices 

Increased rate of adoption 

of improved technology 

[0]      [1]      [2]      [3] 

Improved decision-making 

ability 

[0]      [1]      [2]      [3] 

Improved self-confidence 

on farming 

[0]      [1]      [2]      [3] 

Increased social 

recognition & 

responsibility 

[0]      [1]      [2]      [3] 

Improved record keeping 

system of farm 

[0]      [1]      [2]      [3] 

Increased the business 

network 

[0]      [1]      [2]      [3] 

Thank you sincerely for your valuable time. 

If there is anything else, please write here: 

_____________________________________________________________________

__________________________ 

 


